VALUING INFORMATION,FROM
HIGH RESOLURON FORECASTS
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OUTLINE
1. higher resolution — worse scores

2. how to extract and use valuable information

3. illustration on real data (HR vs LR model)
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Correlation

High versus Low resolution: cormrelations at central point
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Davis et al., 2006 (MWR)
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Modell

(LRM)
potential
predictors

prob. forecast
equation
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Experimental setup

Operational (HRM) vs Control (LRM) of ECMW

* N400 versus N200 (25 and 50km resp)

* almost 2 years of fcs starting from 1 Feb 20(
* forecasts of 3 hour accumulated precipitatic
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High (OPR) Resolution
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Potential (precip.) predictors (for HR and LR)

* central grid point value (DMO)
* extent of rain area, sqrt(precip),
distance to rain area

on circular (and elliptical) areas around central statio
(radius 50, 100, ..., 250km):
* mean precip, sqrt of max precip,

* fraction covered
*maximum precip. weighted with distan
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Selected predictors
* central grid point value was never selected

*in all cases “circular” predictors (and no “elli

* with increasing radius with forecast period

Jnnysul \Ps!%opjoalel/\l SPUBlIapapN >’-{.’I>IU!UO>,




Ko:_.:w:; Nederlands Meteorologisch Instituut

(0] =r o™ o
— — — —

[ww 0] SNY




0.5

0.4

Brier Score

: : oper>0mm mee
................... b coNtrol > 0mme T

Forecast lead time [hrs

0.05 , ! ! . . .
: oper>=4mm v
0.04 [ e — eontrol >= 4mm

0.03

0.02

Brier Score
nn1asul q:)S[%O\OJOSlBI/\I SpuUelIapa )’!!I>IU!UO>,

Forecast lead time [hrsl



0.2 I T T T T
oper >=0.1mm - mee
| | control >= 0.1mm —*

Q.15 [ B S S

Brier Score

Brier Score

0.08

0.06

0.04

0.02

Forecast lead time [hrs

nnisul YP5180[010IBN SPUEBHIPIN AMputuoy,

' : : oper >=1.0mm -
R R — e control >= 1.0mm —*—
0 12 4 26 .8 - -

Forecast lead time [hrsl




0.06 ! ! !

: : : oper >=2.5mm mee
0.05 [~ e oo o control >= 2.5mm

e —

Brier Score

Forecast lead time [hrs

W Spuelisapap )’-f-’PIu!UOM

L o L oper >=4.0mm moe -
0.035 control >= 4.0mm —*
0.03 [~ o prone P P S :
o i i | | 5 s |
o 0.025 ' ' : L
Q )
@002 S
= 0015 n
(w8 -,
0.01 —
0.005 %
0 I ] ot
0 12 24 36 48 60 72

Forecast lead time Thrs]



*Is able to use all of the spatio-temporal domai

* only statistically significant information is usec
* no double penalty

* can deal with scattered showers

* forecasts are reliable

* abhie
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* large data sets needed

* you never know that you can’t do
better

* separate analysis for each predictand
* difficulties with rare events
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* Not only DMO is important in verification
but also the “predictive potential” of the model

* Assessing this predictive potential can best be
done by means of probabilities
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